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the relationship between time and math and reading
achievement. This was done using both spring IRT scores and the Notes.
gain scores that we created. Because our dataset had many
missing observations, we performed multiple imputation in order
to increase the sample. Using this larger dataset, we created
multi-level models, nesting students within classrooms within
schools.

-Models 5 & 6 control for school & neighborhood characteristics, teacher characteristics, and
student & family characteristics.

-Standard error 1n brackets

-The boxed model represents the best fit model




